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Research progress on methods and application of
dairy cow identification

SUN Yukun, WANG Yujie, HUO Pengju, CUI Zigi. ZHANG Yonggen®
(College of Animal Science and Technology, Northeast Agriculture University, Harbin 150030, China)

Abstract To evaluate the development of individual identification of dairy cows during production in recording milk
yield, monitoring feeding activity, monitoring bed behavior, tracking activity track and other production projects, the
literature related to methods and application of dairy cow identification 2008 — 2018 are retrieved by using “dairy cow”,
“individual recognition”, “identification method” and “production application” as keywords. The results show that:
1) Compared with traditional methods, biometrics identification could overcome environmental interference in many
aspects to reduce harm to individual cows. 2) Currently, intelligent identification technology associated with the
monitoring of cow behavior could comprehensively monitor individual health status and production performance.3) China
has made great progress in computer vision, which builds a solid foundation for intelligent identification of individuals. In
the future, the research on individual identification technology should focus on improving the environmental adaptability
and system compatibility to provide basis for the establishment of a complete automatic cow monitoring system.

Keywords dairy cow; individual recognition; identification method; production application
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Table 1  Application of cow identification technology in production and test

5 iRE.IJﬁ% A & . -
Item [dentification B‘f‘]l_y Quantity  Reference
method position
B RFID H [24]
Milking RFID (ERAS [38]
H5 Hx 400 [39]
1 1% 25 J¥e ¥ 14 [13]
Py & 4% Jik 358 80 [27]
Feeding RFID H 4k [28]
liF=%0 i 3 180 [29]
W G N 20 [30]
HE H 2% [25]
BB [ a4 Jhe 55 80 [27]
Lying 1% 3 JhE 55 180 [29]
WA = N 20 [31]
T [ I+ 14 [13]
i 5 1 2 Jh 35 180 [29]
Activitiey HY5 H 400 [39]
3% R [40]
AR PESY RFID H 186 [41]
Body condition
score
WPy RFID. A THLM — HZHH 208~242 [36]
Lame score RFID i T 75 [42]
1 e D H5 Hoe 400 [39]
Estrus N THLHE B 20 [32]
monitoring [ a3 e 5 [43]
HE H 400 [39]
R4 & &2 RN 80 [27]
Rumination & %A Ji ¥ 1121 [33]
RFID Ho [44]
Il & RFID H-2k 16 [34]

Grooming behavior
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