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Churn analysis of pig farm users based on machine learning

WANG Ming', TENG Guanghui'*, SONG Weiping®
(1. College of the Water Resources and Civil Engineering, China Agricultural University, Beijing 100083, China;
2. Beijing Dabeinong Technology Group Co. Ltd. , Beijing 100080, China)

Abstract In order to realize the automatic operation of users and prevent user churn, interval estimation and machine
learning modeling methods are adopted to analyze user churn by data records of pig farm users. The results show that.
1) The smaller the pig farm is, the greater the possibility of user churn is. The least possible churn of pig farm users,
whose number of sows x is at 500<C x << 1 000, belong to loyal users;2) Comparing three different classification
algorithms, e. g. the decision tree algorithm, kNN algorithm, Bayesian classification algorithm in pig farm users churn
modeling, the average recognition rate of decision tree model (0.93) is higher than the kNN model (0.91) and Bayesian
classification model (0.80) . Therefore, choose the decision tree algorithm for platform user churn analysis is feasible.
The research indicates that the churn analysis of pig farm users model could provide customized services for users of
different sizes, provide a reliable data model for user research of other categories and realize the automatic operation of
platform users.
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Fig. 1 Bill count histogram for pig farm users

whose number of sows is no more than 50
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Table 2 Classification identification result of decision tree model

JH P 2800 U v A 4 ] Fy it

User class Precision Recall F,-score
AETEBRFH P Inactive user 0.78 0.79 0.79
G BKH P Active user 0.96 0. 95 0.96
IR Weighted average 0.93 0.93 0.93
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