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The algorithm of seed damage feature detection
basing on multi-scale corner
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Abstract The paper proposed a cluster classification algorithm for the detection of accuracy of multi-scale corner used
for seed damage detection. The algorithm was used to classify multi-scale damage feature corner and to explore
cluster-candidate feature points of damage via non-maximum suppression in space domain and scale domain. The
candidate feature points were used for the computation to refine the accuracy of the features. Experiment result showed
that the algorithm midht remove the redundant points of detection for damage feature of existing multi-scale corner

algorithm. It could improve accuracy to locate seed damage feature of multi-scale and reduce time complexity of
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iterative computation.
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Fig. 1 Local structure of multi-scale corner
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(a) BEf A5 Sample of broad bean
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Fig. 2 Broad bean and pea damage feature corner detected by multi-scale Harris
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Fig.3 Broad bean and pea damage feature corner detected by cluster classification algorithm
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Fig. 4 Damage feature corner detected by Harris-Laplace
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Fig. 5 Damage feature corner detected by Cluster classification algorithm
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Table 1 Contrast of the number of damage feature corner by Harris-Laplace and cluster classification algorithm

B i 44 FR Harris-Laplace 5% R oy Bk
Name of sample Harris-Laplace algorithm Cluster classification algorithm
1 5% & Broad No. 1 24 17
2 5% 5. Broad No. 2 16 13
1 5 %i%. Pea No. 1 11 7
2 S ®i 5 Pea No. 2 9 4
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