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Comparison of predicting results of soil hydraulic parameters
by SVR and rosetta models
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Abstract Based on the database of America soil water physical characteristics (UNSODA 2.0) ,the PTFs models for
both classified and unclassified soil textures were constructed by using Support Vector Regression (SVR) approach,and
the predictive results of soil texture under both classified and unclassified situations for soil hydraulic parameters (V-G
model parameter and soil saturated hydraulic conductivity) , as well as the results from the Rosetta model based on
neural network and constructed by the same database,were compared. The results indicated that the more the number
of parameters input, the better the results obtained by using SVR model in the situation of soil texture unclassified;
however,in the situation of the classified, the results obtained from separately constructed SVM model are generally
better than that of the unclassified. No matter whether the soil texture classified or not,on the occasion of the same
sample and parameters input, the results obtained from the model based on SVR have an advantage over Rosetta
model.
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Table 1 R-square obtained by the SVR model with

the Rosetta model under different inputs
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Table 3 R-square obtained by the SVR model for sandy soil with the Rosetta model in different soil texture
e B R i A 0: 0. Iga Ign IgK.
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