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Classif ication of L and Cover Based on Fused Image of TM with IRS
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Abstract The fused product merged two optical mage data of different resolutions——a
high spatial resolution panchromatic image (IRS-1C) and a low satial resolution but
multigpectral image (TM ). Its signal clarity was improved A rtificial neural network
technology is of great advantage to deal w ith data of uncertain distributing and qualitative
data such as performing non-linear classification, and thus being used to classify the land
cover. T he classification accuracy of fused remote sensing image reached a accuracy of up to
95%. It is far much better than the method of maximum likelihood classification, whose
total accuracy isonly 71%.
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