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Method of seed-features matching based on
enhancing area-grayscale
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Abstract The Paper proposed a method for enhancing the matching degree of seed images to its features by SURF
(speeded up robust features) and area-grayscale enhance. According to external feature of seed, the SURF features
were extracted and Grayscale-histogram of images was calculated. Area-grayscale was enhanced according to
normalization and for the calculation of the degree of matching of images. Experimental result indicated that the average

time of feature matching was less than 10ms. The method presented good resistance to interference of light and strong
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robustness. The degree of matching of images was improved by 30% on average.
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Fig. 1 Simplified template of second order Gaussian differential
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Fig. 2 Histogram before and after image enhancement
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(a) FE A2 5 Sample of broad bean (b) fill 4% & Detection of broad bean

(c) BEfh BT Sample of pea (d) I %i & Detection of pea
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Fig.3 The result of features extraction of S&D image
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Fig.4 The grayscale-histogram of S&D image
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Table 1 The contrast of features matching of experimental results
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i # SURF J7 ik U Uy Time of improved
Name of sample
SURF method Improved method method
4% 5. Broad bean 0.505 3 0.350 4 7.47
Wi = Pea 0. 380 6 0.253 1 2.25

7 OFE/n B2 T BE JE ) Bhattacharyya 25, Note:(D The Bhattacharyya distance of indicating the degree of matching of image.
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