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|dentification of barley diseases based on texture color feature
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Abstract This study aims at presenting a method for identifying barley diseases based on the comprehensive
characteristic parameters of first and second moment of color and with improving LBP model of texture feature under
natural environmental conditions. Barley powdery mildew, moire disease and stripe rust occurred in Hexi corridor of
Gansu province and used as the objective samples. Comprehensive characteristic parameters of color moments and LBP
uniform model were used to extract color and texture features from diseased regions, which were chosen as inputs to the
constructed classifier model in the base of radial basis kernel function for support vector machine (SVM) on barley
disease recognition. The 355 collected disease images were analyzed by SVM classification model. The results showed
that the overall identification accuracy of barley disease was up to 84. 745 8% while RBF parameter. The system
provided with an effective analysis means for barley disease diagnosis, verified the feasibility of classification model in
barley diseases,and also could be used as a reference for the other crop disease diagnosis.
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Fig.2 Flow chart of barley disease recognition
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Table 2 Result of barley disease in test 1
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