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Abstract

This paper is concerned with afuzzy support vector classifier in which the type of the figures for both the out-

put of the training point and the value o the final fuzzy classification function is real number. The characteristic of real

number is propitious to indicate the class o the figures as either positive or negative one. Hrst, afuzzy classification

problem was formulated as a fuzzy coefficient programming problem. Then this programming was transformed into its

optimal programming. As a result, we proposed afuzzy support vector classification algorithm. In order to show its ra-
tionality , two examples were presented. In addition, we also proposed a strategy to decide the optimal threshold value

in our algorithm.
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Table1l Higtory warning degree of grain ssfein Handan Gty
X1 Xa X3 X4 Xs Xe X7
1988 9.3760 - 15.2530 4.8246 7.0019 -0.0610 6.3080 6.1312 1.0000
1989 24.2300 27.6531 3.7657 5.614 3 1.2191 6.9710 10.7320 0.3690
1990 15.7600 31.7338 25.4130 2.3821 84.5510 4.4120 - 2.5600 0.2910
1991 12.9100 13.1614 - 5.7780 2.7718 0.8739 2.9450 0.6438 0.8930
1992 8.1850 12.589 6 2.3881 3.1198 1.6162 - 0.1630 1.3610 0.5980
1993 17.1300 11. 6637 0 4.99 1 0.2836 4.976 2 - 3.3620 0.6970
1994 21.1100 12.6216 0.1124 6.724 4 0.0631 1.7270 3.1120 0.9230
1995 7.8810 2.8133 0.0001 6.1132 1.7089 2.8990 5.0126 0.4880
1996 9.4170 12.9107 10.9310 8.7965 1.7122 7.7178 7.9989 0.2350
1997 50.6700 88.5640 56.9870 7.967 4 2.6310 4.8231 7.2251 0
1.0000, 0, a(0<a<1), a
2 ( )
Table2 Result of grain sofe early-warning in Handan City (by the method of fuzzy support vector dasdfication)
X]_ X2 X3 X4 XS x6 >(7
1998 49.3200 37.2340 15.3310 20.0120 7.5546 5.886 1 9.6877 0.1200
1999 9.3760 - 15.2530 4.8246 7.0019 -0.0610 6.3081 6.1125 0.8500
2000 6.2540 6.7012 - 19.5520 8.2540 - 8.6580 4.0758 -1.7290 0.9800
2001 41.1200 33.1230 10.2890 15. 876 2 8.4423 4.556 4 0.2352 0.4100
2002 46.3500 35.1170 16.524 0 19.3310 2.1150 4.3624 8.7722 0.2300
3 K(x,X), 2
( ) y (0<y 1)
Table3 Result of grain sfe early-warning in Handan (5) Y
Gity (by the support vector machine methods '
and the fuzzy dustering technique) :
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